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Abstract

As social media continues to grow rapidly throughout the world, researchers and mental health professionals have

been keenly observing and recording some of its detrimental effects on the mental and emotional health of its users. In

this regard, one of the constructs that has been gaining interest is social media jealousy. However, there is a paucity of

standardised tools that accurately measure this construct. To fill this gap, the present research was undertaken as a

part of a larger study examining the possible negative effects of social media. The present research has resulted in the

development of the 15-item Social Media Jealousy Scale (SMJS-15). It is a single-dimensional scale that has shown

strong reliability, convergent validity, as well as evidence of construct validity. The scale has been developed using both

exploratory and confirmatory factor analyses and can be used to test social media jealousy experienced by users

across multiple social media platforms. 
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1. Introduction

Jealousy, often described as the green-eyed monster[1], has been widely researched in recent years[2][3]. Interestingly, the
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term that originated from the Old French term ‘Jalos’, was once used positively to refer to one’s zeal or desire[4]. Today,

the term is most commonly viewed as a negative emotion that in its most excessive forms can be detrimental to one’s

mental wellbeing[5]. Currently, jealousy is defined as unpleasant emotions possessed by an individual who views another

as better off than oneself[6]. There are several perspectives on the purpose of jealousy, and one such perspective is that

the chief objective of jealousy is to prevent others from usurping oneś important relationships[7]. It is important to note that

jealousy does not always require a rival and can be induced through an anticipation of a rival or even an imaginary one[7].

This is precisely why jealousy is not only relevant but a very commonly measured construct in the context of social media,

where the potential rival is not only far away but might even be fictitious[8]. As a result, over the years, several studies

have been carried out on the presence of jealousy experienced by users of social media platforms such as Facebook[9],

Instagram[10], and even Snapchat[11]. Most such studies have revealed the critical role of social media in inducing

jealousy among the respondents, who are usually adolescents or young adults. Why is social media jealousy a problem?

Itś primarily because of some of the effects that have a detrimental impact on the mental health of the users and its long-

term negative impact on the psychology of society[12]. Some of the common symptoms of social media jealousy, as

recorded in the existing literature, include lower quality of friendship combined with internalising problems[13], electronic

intrusion wherein an individual spies on their partnerś online activities[14], and intimate partner violence among romantic

partners[15]. Although the existing literature does indicate that researchers in the past have attempted to understand

social media jealousy qualitatively[16], through scales that measure jealousy in the context of only one particular social

media platform such as Facebook[17], or through scales that have been primarily developed using a western sample[18], it

is apparent that there is a need to develop a robust tool to measure this phenomenon called social media jealousy that

can not only measure jealousy irrespective of the type of social media platform but is also worded in such a manner that it

can be understood by anyone with a basic understanding of the English language. In order to fill this existing need, the

present research was undertaken as part of a larger study.

2. A Review of Existing Tools

As mentioned in the previous section, over the recent years, researchers have not only attempted to study the presence

of jealousy stemming from social media use[19] but have also attempted to measure it objectively using certain scales. The

Facebook Jealousy Scale is one such tool[20] that has 27 items measured on a seven-point Likert scale and was

developed using Exploratory Factor Analysis, a statistical method to understand the underlying relationship between

variables that one would like to measure, and which is often used to develop psychometric scales to measure

constructs[21]. This particular scale has been widely used since its inception by other researchers[22][23][9]. However, one

of the major limitations of this scale is that it is primarily limited to measuring jealousy in the context of Facebook, a social

media platform that has grown popular over the years but is not as popular among the younger generation as some of the

other platforms such as Instagram and Snapchat[24].

Another tool that addresses this gap is the Digital Jealousy Scale, a recently developed nine-item scale[18] that measures

social media-induced jealousy and has been developed using three samples from Germany and the United Kingdom[18].
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The samples included individuals from a diverse group (aged 16 - 62 years) and are primarily of Western origin. Social

media, however, is a worldwide phenomenon, with an increasing number of users from developing countries such as

India, where there has been a steady growth in the number of internet users[25]. In such a scenario, there is a need for a

scale that is also applicable to the developing world, where English is not the native language of the people and where

some phenomena that are culture-specific to the West are not applicable to these regions of the world.

3. Theoretical Background

The researchers have used the Dynamic Functional Model of jealousy developed by Chung and Harris[7] as the

theoretical base for developing the scale. According to this model, the purpose of jealousy is to prevent others from

usurping important relationships[7]. With the rapid expansion of social media and the increase in the number of hours

spent, users begin to increasingly value their online relationships/followers and view others who gain more attention than

themselves as competitors who might usurp the attention that they are currently receiving from their online

friends/followers. This model was influential in establishing the initial items of the scale.

4. Methodology

The objective of the present research is to develop a valid and highly reliable tool to measure social media jealousy that

can be used worldwide. The present research is part of a larger study aimed at understanding the effects of social media

use on the mental health of female post-graduate students studying at a University in India. The goal is to develop a scale

that anyone who uses social media can understand and that is applicable to a wide range of social media sites, keeping in

mind the possibility of future social media platforms with similar features. Keeping these in mind, the methodology of the

present research was adopted.

4.1. Selection of Respondents

The present study included a sample of 277 female respondents pursuing their post-graduate degree at a University in the

State of Tamil Nadu, India. The respondents were selected using simple random sampling through the random number

table[26]. It is important to note that the sample constitutes 31 percent of the total population. The mean age of the

respondents was 21.1 years. Furthermore, in order to select the respondents, inclusion and exclusion criteria were

adopted.

4.2. Inclusion and Exclusion Criteria

Only post-graduate female students who were staying in the university hostels were included in the study. Students who

were studying in the first and second year of a five-year integrated master's degree at the university were excluded from

the study. Additionally, the students who took part in the study were required to be using at least one social media

platform.
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4.3. Ethical Consideration

Informed consent was obtained from the respondents who were willing to be a part of the study. Moreover, the doctoral

committee granted the required approval for carrying out the present study. None of the questions or items required the

respondents to expose their personal identity or other details such as phone numbers. Thus, the anonymity of the

respondents was ensured. The collected data were stored securely in a password-protected computer.

4.4. Tools of Data Collection

Data were collected using a questionnaire that included questions relating to the basic details of the respondents as well

as items that would eventually be a part of the Social Media Jealousy Scale (SMJS-15).

4.5. Operational Definition of Social Media Jealousy

In the present research, social media jealousy refers to a negative emotion experienced by social media users, which is

marked by social media comparisons with others, striving to outdo them, and resorting to harmful thoughts, words, and

acts to undermine them.

4.6. Analysis of Data

The collected data were entered and analysed using SPSS AMOS[27].

4.7. Instrument Development

The Social Media Jealousy Scale (SMJS-15) was developed through three phases to ensure a scientific and logical

development process.

4.7.1. Phase One

In the first phase, the initial items of the scale were identified using a two-step process. The first step involved examining

existing literature on the concept of jealousy and its classic symptoms. Apart from the symptoms, the operational

definitions used in previous studies and the Dynamic Functional Model of jealousy[7] were also examined. This was

followed by the second step, which involved a consultation with some of the potential respondents who provided input on

what evoked jealousy while using social media. These two steps led to the emergence of the initial 25 items aimed at

measuring social media jealousy.

4.7.2. Phase Two

The second phase involved a pre-test with the initial 25 items being tested using ten respondents who met the inclusion

Qeios, CC-BY 4.0   ·   Article, September 23, 2024

Qeios ID: SWMC6H   ·   https://doi.org/10.32388/SWMC6H 4/19



criteria. The respondents were also asked to rate how difficult each of the items was to understand on a 1-5 rating scale,

with 1 being very easy and 5 being very difficult/confusing. Items that received a difficulty score of 30 or more out of a total

score of 50 were noted as difficult/confusing. After the collection of data and based on the feedback from the respondents,

six items that were rated as difficult (score of 30 or more on difficulty) were removed due to the respondents’ difficulty in

understanding the meaning of the items. This left the researchers with 19 items rated on a 5-point Likert Scale ranging

from 1 = strongly disagree to 5 = strongly agree.

4.7.3. Phase Three

In the third phase, the 19 items were critically examined by six experts, and the Content Validity Index was calculated. The

researchers used the Content Validity Index value to determine the content validity of the scale/items. The items were

evaluated by the six experts on a scale of 1-4, with a rating of 3 or 4 being rated as acceptable (scored as 1 on the sheet)

and a rating of 1 or 2 being rated as not acceptable (scored as 0 on the sheet). The experts unanimously accepted 14 of

the 19 items as being associated with jealousy in the context of social media. However, the experts unanimously rejected

three items as being non-relevant. While one item was accepted by only one expert, another item was accepted by five of

the six experts, meaning only one rejected it. Thus, the average of the Content Validity Index was calculated, and it

revealed a value of 0.79, which is very close to but not above the acceptable threshold of 0.80[28]. The average Content

Validity Index is the sum of the Content Validity Index of each item divided by the number of items[29]. This result led the

researchers to remove the three items which were unanimously rejected by the experts. The researchers also removed

the item which was accepted by only one expert and rejected by all the others. This resulted in a 15-item scale that had an

average Content Validity Index of 0.98. Thus, content validity was established, and the final 15-item tool was distributed

among the selected respondents as a questionnaire. Initially, based on an overview of the items, the researchers

assumed that the scale had three factors, but later, after the factor analyses, it was discovered that the scale was uni-

dimensional in nature.

5. Results

The researchers carried out both confirmatory and exploratory factor analyses to develop the scale. Furthermore,

Cronbach’s Alpha value, which is used to test the reliability of a tool, particularly the internal consistency, was also

examined[30].

5.1. Item Analysis

Table 1. Descriptive Statistics, Item-Total Correlation, and Alpha

Value of the Tool
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Items/
Variables

Mean SD. Skewness Kurtosis rc i-t (α –i)

(1) (2) (3) (4) (5) (6) (7)

J1 3.28 .962 -.287 -.154 .803 .978

J2 3.19 1.018 -.632 -.428 .843 .977

J3 3.06 .940 -.334 -.103 .835 .977

J4 3.09 .955 -.441 -.287 .829 .977

J5 2.97 .880 -.361 .085 .834 .977

J6 3.06 1.002 -.269 -.073 .867 .977

J7 3.25 1.039 -.690 -.609 .866 .977

J8 3.10 1.056 -.471 -.480 .895 .976

J9 3.11 1.006 -.441 -.589 .852 .977

J10 3.10 1.050 -.537 -.487 .893 .976

J11 3.06 1.063 -.141 -.339 .895 .976

J12 3.05 .977 -.407 -.571 .789 .978

J13 3.06 1.083 -.312 -.462 .896 .976

J14 3.02 .998 -.279 -.510 .902 .976

J15 3.07 1.010 -.414 -.448 .858 .977

Cronbach’s Alpha value: 0.978

Note: rc i-t – Corrected item-total correlations. (α-i) – Cronbach’s alpha if items are deleted. N= 277

 

Table 1 shows the mean, standard deviation, skewness, kurtosis, item correlation, and Cronbach's Alpha value for each of

the 15 items in the scale. While item number 1, which is about comparing other people’s profiles or display pictures, was

found to be the most influential item with a mean value of 3.28, item number five, about comparing other people’s

lifestyles, was found to be the least influential item with a mean score of 2.97. On the whole, the overall Cronbach alpha

value of all 15 items was found to be 0.978, which is considered to be excellent with high internal consistency[30]. The

skewness as well as the kurtosis values were also well within the acceptable range[31]. Hence, the tool is highly reliable

and has strong internal consistency for collecting data among the sample respondents.

5.2. Exploratory Factor Analysis

Exploratory factor analysis, which is one of the statistical methods used to develop scales[32], was employed by the

researchers. It helps in identifying factors based on correlations.

5.2.1. Kaiser Meyer Olkin and Bartlett’s Tests

Additionally, the researchers carried out the Kaiser Meyer Olkin (KMO) and Bartlett’s Test. The KMO test, a test of

sampling adequacy, indicates partial correlations between the items in the tool, and a value above 0.5 and closer to 1 is

considered sufficient to carry out factor analysis[33][34][35]. Furthermore, as mentioned previously, the researchers also
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conducted Bartlett’s Test of Sphericity, which is a statistical test used to test whether the correlation matrix is not an

identity matrix[36][37][34]. The results of the Bartlett’s Test also prove this (p<0.001). The results of both tests can be

viewed in Table 2, and they indicate that the sample size is adequate for the analysis[38][36][39].

Kaiser-Meyer-Olkin Measure of Sampling
Adequacy

0.971

Bartlett's Test of Sphericity Approx. Chi-Square 5051.316

df 105

Sig. 0.000

Table 2. Kaiser Meyer Olkin (KMO) and Bartlett’s Test

5.2.2. Total Variance Explained

Table 3 shows the total variance explained, which is an output derived as part of the Principal Component Analysis. The

results in this table indicate that about 76.9 percent of the variance is shared by the 15 items in the scale, which in turn is

accounted for by one factor. This indicates that the scale is one-dimensional and that factor analysis is helpful for the

variables[40][35].

Component

Initial Eigenvalues
Extraction Sums of Squared
Loadings

Total
% of
Variance

Cumulative % Total
% of
Variance

Cumulative %

1 11.535 76.899 76.899 11.535 76.899 76.899

2 .494 3.296 80.194    

3 .419 2.794 82.988    

4 .370 2.466 85.455    

5 .332 2.211 87.665    

6 .282 1.878 89.543    

7 .263 1.755 91.298    

8 .236 1.574 92.872    

9 .215 1.436 94.307    

10 .188 1.256 95.563    

11 .180 1.200 96.763    

12 .148 .988 97.751    

13 .136 .905 98.656    

14 .111 .737 99.393    

15 .091 .607 100.000    

Extraction Method: Principal Component Analysis.

Table 3. Total Variance Explained

5.2.3. Communalities
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Communality refers to the total squared loadings on a factor matrix for an item in the scale. It highlights the proportion of

variance for that item which is explained by the factors. A higher value indicates a higher extent of variance explained by

the extracted factors[41]. Generally, the cut-off for communality values is between 0.25 and 0.4, with ideal communalities

being 0.7 or above in the "extraction" column to be considered for further analysis[42][43][44][37][45][46][47]. When the sample

size exceeds 250, the average cut-off for communality is 0.6[37]. In the present study, all the items (in Col. 3 of Table 4)

have a value that exceeds 0.6, and the average, which is calculated by adding the values of all the items and then dividing

them by the number of items, was found to be 0.769 (11.535/15). So, on both grounds, Kaiser’s rule may be accurate.

Communalities Component Matrix

Items/Variables Initial Extraction Items/Variables

Factor
Loadings

1*

(1) (2) (3) (4) (5)

J1 1.000 .685 J14 .916

J2 1.000 .746 J13 .911

J3 1.000 .734 J11 .910

J4 1.000 .724 J8 .910

J5 1.000 .733 J10 .909

J6 1.000 .785 J6 .886

J7 1.000 .782 J7 .884

J8 1.000 .829 J15 .877

J9 1.000 .760 J9 .872

J10 1.000 .826 J2 .863

J11 1.000 .829 J3 .857

J12 1.000 .663 J5 .856

J13 1.000 .830 J4 .851

J14 1.000 .840 J1 .828

J15 1.000 .769 J12 .815

Extraction Method: PCA
Extraction Method: PCA
* 1 component extracted.

Table 4. Communalities and Factor loadings

The factor loadings can be viewed in Table 4.

5.2.4. Component Matrix or Factor Matrix and Convergent Validity

Convergent validity indicates a powerful correlation between items within a single factor. Generally, a factor loading of

0.4[48] or exceeding 0.5 on average and reaching above 0.700 for each factor[49][50] is acceptable. In the present study

(Column 5 of Table 4), the item with the lowest factor loading is item 12 with a factor loading of 0.815, which is well above
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the minimum requirement[51]. Column 5 of Table 4 not only indicates the factor loadings but also reveals the inter-variable

correlations. Furthermore, all the loadings are also statistically significant. Thus, the convergent validity of the scale has

been established.

5.3. Confirmatory Factor Analysis and Path Analysis

Generally, while carrying out confirmatory factor analysis, it is necessary to establish both convergent and discriminant

validity apart from reliability[52][53]. However, since the present scale is one-dimensional in nature, discriminant validity is

not necessary[54]. Therefore, the researchers used confirmatory factor analysis and path analysis to establish both

construct and convergent validity.

5.3.1. Convergent Validity

Convergent validity can be established by viewing the factor loadings[55][51], and factor loadings that are higher than the

cut-off value of 0.5 are considered proof of convergent validity[33][37][56].

Table 5. Unstandardised (b) and Standardised (β)

Regression Weights

Qeios, CC-BY 4.0   ·   Article, September 23, 2024

Qeios ID: SWMC6H   ·   https://doi.org/10.32388/SWMC6H 9/19



Items b S.E. C.R./t p β

1 2 3 4 5 6

J
15

<--- Jealousy 1.000 - - - .864

J
14

<--- Jealousy 1.043 .047 22.269 p<0.001 .912

J
13

<--- Jealousy 1.120 .039 29.071 p<0.001 .902

J
12

<--- Jealousy .883 .052 16.879 p<0.001 .789

J
11

<--- Jealousy 1.105 .050 22.003 p<0.001 .907

J
10

<--- Jealousy 1.090 .050 21.918 p<0.001 .905

J
09

<--- Jealousy .984 .051 19.408 p<0.001 .853

J
08

<--- Jealousy 1.099 .050 22.053 p<0.001 .908

J
07

<--- Jealousy 1.034 .051 20.196 p<0.001 .871

J
06

<--- Jealousy 1.017 .049 20.925 p<0.001 .886

J
05

<--- Jealousy .854 .045 19.128 p<0.001 .846

J
04

<--- Jealousy .917 .049 18.786 p<0.001 .838

J
03

<--- Jealousy .911 .048 19.111 p<0.001 .846

J
02

<--- Jealousy .989 .052 19.158 p<0.001 .847

J
01

<--- Jealousy .898 .050 17.827 p<0.001 .814

Note: β > 0.8 - significant influence, β 0.8 > to > 0.5 - moderate influence, β < 0.2 - small influence.

As observed in Table 5 (Table 4), the lowest value is 0.789 and the highest is 0.912, thus proving convergent validity.

There are also other approaches to checking for convergent validity. One of these includes examining the Critical Ratio

(CR/t in Col.4) value, which must be above 1.96 to establish convergent validity[57]. In the present study (as seen in Table

5 (Table 4), the CR/t values are well above 1.96, which is another proof of convergent validity.

5.3.2. Construct Validity

Table 5 also shows the regression weights as well as the CR/t values for all the items in the scale. Column 5 indicates

that the CR/t values are statistically significant at a high level (p<0.001). Hence, it can be stated that all the items in the

scale satisfy the criteria for test construct validity[58].
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Furthermore, the Standardized Regression Weights (β) in Column 6 of Table 5 reveal that all 15 items exhibit values

exceeding 0.8 (ranging from 0.789 to 0.912). These loadings signify a statistically significant influence and therefore fulfill

the requirements of construct validity, indicating that the scale indeed measures the intended construct effectively[58].

These outcomes highlight that the validity criterion possesses substantial strength, affirming the instrument's validity and

suitability for conducting the study.

5.3.3. Construct Validity Using Model Fit Measures

It may be noted that Confirmatory Factor Analysis was carried out to establish construct validity, and it was found to be a

good fit for the model. This can be viewed through Figure 1. It may be noted that the minimum loading was 0.79 while the

maximum was 0.91, and as seen in Figure 1, the one-dimensional model proved to be an adequate fit.

Figure 1. Path Diagram- Social Media Jealousy
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Measure Estimate
Threshold
(Cut-off Criteria)

Interpretation

CMIN(χ2) 188.551 -- --

df 86 -- --

CMIN/df 2.192 Between 1 and 3 Excellent

CFI 0.980 >0.95 Excellent

GFI 0.921 >0.90 Excellent*

AGFI 0.889 >0.08 Good Fit

SRMR 0.020 <0.08 Excellent

RMSEA 0.066 <0.08 Acceptable**

P Close 0.022 > 0.02 to < 0.05 Acceptable

NFI 0.963 ≥ 0.9 Good Fit

Table 6. Construct Validity and Indices of Goodness

of Fit

* Hu & Bentler[59], ** Bentler, 1994; *** Byrne & Campbell[60].

Fit indices: CMIN- Chi-square, df- degree of freedom, CMIN/df - Chi-square divided by degrees of freedom, CFI-

Comparative Fit Index, GFI-Goodness-of-Fit Index, AGFI-Adjusted Goodness-of-Fit Index, SRMR-Standardized Root

Mean Square Residual, RMSEA -Root Mean Square Error of Approximation, NFI-Normed Fit Index, P Close- Probability

of close fit.

 

The Chi-square Test for Goodness of Fit is used as an absolute fit index, with a low chi-square value relative to the

degrees of freedom (and higher p-value) indicating better model fit[61]. As observed in Table 6, the CMIN or the χ2 =

188.551, df = 86, and the p = 0.000 indicate that the chi-square is statistically significant at a very high level. Hair et

al.[49] reported that the χ2 value must be non-significant; however, significant p values are expected when the sample size

is more than 250. In the present study, the sample has 277 respondents. CMIN/df is expected to be in the range of 1-3

and is 2.192 in the present study. Moreover, the other values, namely, the Comparative Fit Index (0.980), the

Standardised Root Mean Square Residual (0.020), the Goodness of Fit Index (0.921), the Adjusted Goodness-of-Fit

Index (0.889), the Normalised Fit Index (0.963), the Root Mean Square Error of Approximation (0.066), and P close

(0.022), are all in the acceptable range, and the construct validity was found to be a good fit[59][62].

5.3.4. Reliability and Validity Using Confirmatory Factor Analysis

Table 7 shows the Cronbach Alpha value, the Composite Reliability Value (CR), the Average Variance Explained (AVE),

the Maximum Shared Variance (MSV), and the Maximum H Reliability (MaxR(H).

Jealousy
α CR AVE MSV* MaxR(H) Latent/Jealousy

0.978 0.978 0.751 -- 0.980 0.867

Table 7. Reliability and Validity Measures using CFA
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Note: Validity Concerns: No validity concerns here. *As there is only one latent variable, there is no Correlation Matrix or

MSV. α - Cronbach’s alpha, C.R.- Composite Reliability, AVE - Average Variance Extracted, MSV - Maximum Shared

Variance. MaxR(H) = Maximum H Reliability.

 

It is noted that when the CR value is 0.7 or higher[63] (In this case, it is 0.978), the AVE must be equal to or higher than

0.5[62][64][65]. In the present study, the AVE value is 0.751. Moreover, the MaxR(H) (0.980) is higher than the CR (0.978)

for the latent variable, which ensures divergent validity.

6. Discussion and Conclusion

As mentioned in the previous sections, the present research was part of a larger study that examined the possible

detrimental effects of social media on the mental health of its users. This larger study not only involved the social media

jealousy scale but also other constructs such as social media addiction, narcissism, and happiness. While a self-

developed scale was used to measure social media addiction, the Hypersensitive Narcissism Scale was used to measure

narcissism[66], and the Subjective Happiness Scale[67] was used to measure the happiness levels of the respondents. A

Pearson’s Correlation analysis revealed that social media jealousy, measured using the SMJS-15, was positively

correlated with narcissism (r = 0.347; p<0.001) and social media addiction (r = 0.700; p<0.001). Moreover, it was

negatively correlated with the happiness of the respondents (r = -0.363; p<0.001). These findings indicate the negative

impact of social media jealousy on individuals. Further research on the association between social media jealousy and

other psychological constructs is warranted. Thus, to conclude, the present research has led the researchers to develop a

15-item Social Media Jealousy Scale (SMJS-15) (See Table 8) that has shown strong reliability, convergent validity, as

well as evidence of construct validity. The present scale has also been tested to ensure that it is easy to understand and

applicable to multiple social media sites. With the rapid expansion of social media and increasing accessibility to

smartphones, the problem of social media jealousy is also likely to become more observable. In this regard, it is hoped

that this scale will be useful for researchers interested in this area of research.

Table 8. Social Media Jealousy Scale (SMJS-15)
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Social Media Jealousy Scale (SMJS-15)

Please respond to the following statements truthfully.

1-Strongly Disagree
2- Disagree
3- Neither Agree nor Disagree
4- Agree
5- Strongly Agree.

Item Statements
Response

1 2 3 4 5

J1 On social media, I frequently compare my profile/D.P. to that of others.      

J2 I frequently compare the amount of attention my images receive on social media with that of others.      

J3 I frequently compare my social media friend/follower count to that of others.      

J4 I often compare how much attention my status or message receives to that of others.      

J5 When I compare other people's social media lifestyles to mine, I feel jealous.      

J6 Whenever someone I know on social media uploads a new profile/D.P., I feel like uploading a better profile picture for myself.      

J7
Whenever someone I know on social media gets more attention than me for their photos, I feel like uploading better photos than
them.

     

J8
When someone I know on social media has more friends or contacts than me, I feel like increasing the number of friends or
contacts I have.

     

J9
When someone I know posts an interesting status or message on social media, I feel like posting a better status or message than
them.

     

J10
When I come to know that someone I know on social media is living a more luxurious life than me, I feel like spending money on
even more luxurious items and showing them off on social media.

     

J11 When someone I know uploads a good profile picture/DP I feel like posting a funny or irritating comment.      

J12 When someone I know on social media posts good photos, I feel like posting a funny or irritating comment.      

J13
When I see someone I know is getting much attention for their post or message, I make fun of them for being popular on social
media.

     

J14 When someone I know posts an interesting status or message on social media, I post a negative comment.      

J15
When someone I know on social media discloses their luxurious lifestyle, I make a negative comment to make them feel guilty for
showing off.

     

Scoring

Compute the total social media jealousy score by summing all the responses. Higher scores indicate a higher level of

social media jealousy. The minimum and maximum scores are 15 and 75, respectively. (D.P. stands for Display Picture)

Note: The scale has shown strong reliability, convergent validity, as well as evidence of construct validity.
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